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The better the question. The better the answer. Building a better
working world

The better the world works.

Introductions

Nooj Bains, Data Analytics Manager, EY

Nooj Bains is a Manager in the Government and Public Sector practice of Ernst & Young, LLP, currently based in the DC area out of
the Tysons, VA office. Nooj has have over 7 years of client experience predominantly serving large Federal accounts such as DHS,
DOD, and DOJ. As of April 2024, Nooj took over as Product Manager of EY Impact, a new solution focused on helping states optimize
health outcomes for their populations using advanced analytics and generative Al.
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EY Impact Exposition: Concept To Execution

Why we created EY Impact - addressing the “Fantasy Equation”

What is the optimal balance of in the multiple determinants of
investment ... health ...
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that will optimize health
outcomes and inequities at the
population level?

(e.g., improve health outcomes and
increase health equity)

The EY Impact Solution was created to identify where health officials should focus to
optimize health outcomes and equity.
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EY Impact Exposition

EY IMPACT is an end-to-end
platform that uses public data to
enable policy and programming

and identify new funding sources.

Impact enables states to address
multiple domains of population
needs to improve outcomes and
minimize disparities with county
level insights. The modules to the
right can be accessed by users in
the EY Impact tool:

Concept To Execution

Why we created EY Impact - what we hope EY Impact can do for your agency

Research Open
Grants

Improved ability to identify open
grants that map directly to
Factors and Health Outcomes

Utilizes needs assessment findings
to identify grants that are most
applicable to needs

Assess grants based on peer
ranking data, evaluating ability to
pursue grant opportunities

Aggregates relevant grants;
prioritized by impact to state/
community. Analysis of current
versus potential funding from
grants

Programs and
Strategies

Continuous evaluation and
training creates the blueprint to
successful grant writing

Transparent monitoring
capabilities: clear progress
tracking creates the ability to
make meaningful programmatic
updates

Establish accountability
procedures to create the blueprint
for successful grant writing

Provide document management
system to ensure records are
available for reviews.
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Grant Application
Development

develops grant

Generative Al and Large Language
model aggregates data deemed
relevant to grant listing

Defines objectives of the grant,
articulating intended outcomes.
GAI/LLM combine model
intelligence with user input to
create narrative

User customizes portions of grant
response, allowing for a more
tailored response

Why we created EY Impact - what we hope EY Impact can do for your agency

Behavioral Health Data Set Public Health Data Set

The National Survey on Drug Use and Health (NSDUH),
conducted annually by the Substance Abuse and
Mental Health Services Administration (SAMHSA),
provides nationally representative data on the use of
tobacco, alcohol, and drugs; substance use disorders;
mental health issues; and receipt of substance use and
mental health treatment among the civilian,
noninstitutionalized population aged 12 or older in the
United States.

A consolidated dataset using public data provided to
the CDC and other federal agencies (e.g., United States
Census Bureau, United States Bureau of Labor and
Statistics, et al.; full list in Supplemental Table) was
developed to apply multiple statistical regression
models and identify the independent weights for thirty
(30) health factors to five (5) health outcomes across
3,143 counties. We used Linear, Linear with
regularization (Ridge and Lasso), and Random Forest
regression methodologies to minimize collinearity and
establish independent factor weights.
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Why we created EY Impact - what we hope EY Impact can do for your agency

Drug Use and Perceived Risk e Meohol

« lllicit Drug Use in the Past
Month

* Marijuana Use in the Past Year

¢ Marijuana Use in the Past
Month

* Perceptions of Great Risk from
Smoking Marijuana Once a
Month

* First Use of Marijuana in the
Past Year (among those at risk
for initiation)

* lllicit Drug Use other than
Marijuana in the Past Month

* Cocaine Use in the Past Year * Opioid Misuse in the Past Year

Perceptions of Great Risk from
using Cocaine Once a Month

Heroin Use in the Past Year

Perceptions of Great Risk from
Trying Heroin Once or Twice

Hallucinogen Use in the Past Year

Methamphetamine Use in
Past Year

Prescription Pain Reliever Misuse

in the Past Year

* Alcohol Use in the Past Month * Binge Alcohol Use in the Past Month

* Alcohol Use, Binge Alcohol Use in the
Past Month, and Perceptions of Great
Risk from Having Five or More Drinks
of an Alcoholic Beverage Once or
Twice a Week (among people aged 12
to 20)

* Perceptions of Great Risk from Having
Five or More Drinks of an Alcoholic
Beverage Once or Twice a Week

* Had Serious Thoughts of Suicide in the Past Year
* Made Any Suicide Plans in the Past Year
Attempted Su e Past Ye

Substance Use Treatment
* Received Substance Use Treatment in the Past Year
* Classified as Needing Substance Use Treatment in the Past Year

* Did Not Receive Substance Use Treatment in the Past Year among those Classified

as Needing Substance Use Treatment
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Why we created EY Impact - what we hope EY Impact can do for your agency

Substance Use Disorders

Substance Use Disorder
in the Past Year

Alcohol Use Disorder in
the Past Year

Alcohol Use Disorder in
the Past Year (among
people aged 12 to 20)

Drug Use Disorder in the
Past Year

Pain Reliever Use
Disorder in the Past Year

Opioid Use Disorder in
the Past Year

Clgarettes per Day

or More Packs of
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How we created EY Impact

= T Health Factors represent the context of

people’s lives that determine their health.
EY clustered all 3,143 U.S.

census tracts into “peer” groups _>
to allow “like-to-like”
comparisons.

Health Outcomes are the aggregation of
Health Factors.

@ Poor of Fair Health

Health factors where a county is
) . @ r UNDERPERFORMING their peers
Using, publicly available data on gL ) s ks oot represent the biggest opportunities
health factors, compare the o : ® resnoms for improvement in health
performance of any U.S. county / —> ; . Low Binnweignt outcomes.
census tract against its “peer ——
group” & Similarly, States can increase equity
P by focusing on the underperforming
health factors in their 1/3 most
vulnerable counties.

Comparative Analytics Overview —
Community Health Status Indicators (CHSI)

Comparative analytics is the process of comparing an organization's performance metrics, operations, or processes against
those of other organizations, particularly the best performers or industry leaders.
This can help identify gaps, determine best practices, set targets, and guide strategic decision-making.

The Community Health Status Indicators web application (CHSI) produces
health profiles for each county in the United States. Since its first release in
2000, CHSI has provided peer county groupings that allow explicit
comparisons among counties nationwide to assess how they perform on
health indicators relative to their peers.

The Centers for Disease Control and Prevention (CDC) re-launched the CHSI
web application in 2015 with an updated set of indicators, and a new
population health framework that was adapted from the framework used
by County Health Rankings & Roadmaps. Updated peer groupings were
needed to reflect the new framework and more recent data describing
county characteristics.
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Comparative Analytics Overview —
County Level Variables

Population size Receipt of government financial Median home value Percent owner-occupied housing units
assistance*
Percent foreign born Population density Overall poverty Unemployment
Median household income Single parent households* Percent children
Popula rowth Gini Index of Income Inequality Elderly poverty
Percel gh school graduates Population mobility Percent elderly

Peer groups were defined using 19 county-level variables. These variables include demographics and social and economic
determinants of health. Direct measures of health were not included (so that a dependent health outcome variable would not drive
the peer grouping). County-level data were extracted for all 3,143 counties from the Census 2012 QuickFacts File and the American
Community Survey (ACS) 2007-2011 five-year estimates tables. Three new variables were created from ACS variables (identified with

All 3,143 counties were stratified by 2006 National Center for Health Statistics urban-rural codes, and six separate cluster analyses
were run. Eighty-nine peer county groupings were created, with an average of 35 counties and at least three states per group.
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